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Target-oriented Sentiment Analysis
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TNet: Target-Speciftic Transtormation Network
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Figure 1: Architecture of TNet.
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CPT: Context-Preserving Transformation
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Figure 2: Details of a CPT module
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« SVM
« AdaRNN
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« AE-LSTM, ATAE-LSTM
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Models = REST TWITTER
ACC Mac ro-F1 ACC Macro-F1 ACC Macro-F1
SVM 70.49- - 80.16° 63.40" 63.30°
AdaRNN - - - 66.30° 65.90¢
AE-LSTM 68.90¢ - 76.60" - -
ATAE-LSTM 68.70¢ - 77.20¢ - -
Baselines IAN 72.10° - 78.60° - - -
CNN-ASP 72.46 65.31 77.82 65.11 73.27 71.77
TD-LSTM 71.83 68.43 78.00 66.73 66.62 64.01
MemNet 70.33 64.09 78.16 65.83 68.50 66.91
BILSTM-ATT-G 74.37 69.90 80.38 70.78 72.70 70.84
RAM 75.01 70.51 79.79 68.86 71.88 70.33
TNet w/o context 73.91 68.87 80.07 69.01 74.51 73.05
. TNet-LF 76.017+  71.477F 80,7973 70.84% 74.687F 733671
TNet variants - o
TNet-AS 76.5471 717571 80.69TF 71271 749771 73,6074

LF : Residual AS : Highway
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Ablation study

Models LAPTOP REST TWITTER
ACC Macro-F1 ACC Macro-F1 ACC Macro-F1
SVM 70.49- - 80.16° - 63.40° 63.30°
CNN-ASP 72.46 65.31 77.82 65.11 73.27 71.77
BILSTM-ATT-G 74.37 69.90 80.38 T70.78 72.70 70.84
RAM 75.01 70.51 79.79 68.86 71.88 70.33
TNet w/o transformation  73.30 68.25 78.90 65.86 72.10 70.57
Ablated TNet TNet w/o context 73.91 68.87 80.07 69.01 74.51 73.05
TNet-LF w/o position 75.13 70.63 79.86 69.69 73.83 72.49
TNet-AS w/o position 75.27 70.03 79.79 69.78 73.84 12.47
TNet variants TNet-LF 76.017+4 ?1.4?'5-1' 80.797:% 70.84% T4.687F 73360+
TNet-AS 76.5471 71,7571 80.697TF  71.271%F 749711 73,6074
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CPT-alternatives

LSTM-ATT-CNN 73.37 68.03 78.95 68.71 70.09 67.68
CPT Alternatives LSTM-FC-CNN-LF 75.59 70.60 80.41 70.23 73.70 72.82
LSTM-FC-CNN-AS 75.78 70.72 80.23 70.06 74.28 72.60
TNet variants TNet-LF ?@ani 714777 80.79TT 70847 T4.68TF 733677
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Figure 2: Details of a CPT module
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Sentence BILSTM-ATT-G RAM TNet-LF  TNet-AS
1. [resolution]p but the [fonts]y are small . (N*, N) (N*_N) (P.N) (P.N)
2. the [service]y is dreadful . (P.N) (P. N) (P.N) (P.N)
3. Sure it * s not light and slim but the i :

for it 100% . N* N P P

4. Not only did they have , [soup|p

. [pizzalp etc , but their [homemade sorbets]p are out of this (P, O*. 0*. P) (P.PO*P) (PPPP) (PPPP
world !

5. [startup times|y are over two minutes . [ P* N N

6. [ am l.::lE‘:j!-‘rE’d with the , speedy M (P.P.P) (P.P.P) P.P.P) (P.P.P)
connection]p and the (> 6hrs).

7. The [staff]y should be a bit more pPX PX pPX pX
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