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Table 2: Parsing results on PTB §23 (D=discriminative,

G=generative, S=semisupervised).

Model type | Fq

Henderson (2004) D 89.4
Socher et al. (2013a) D |904
Zhu et al. (2013) D | 904
Vinyals et al. (2015) = WSJonly | D | 90.5
Petrov and Klein (2007) G |90.1
Bod (2003) G | 90.7
Shindo et al. (2012) — single G |91.1
Shindo et al. (2012) — ensemble G | 924
Zhu et al. (2013) S | 913
McClosky et al. (2006) S 92.1
Vinyals et al. (2015) — single S 92.5
Vinyals et al. (2015) — ensemble S 92.8
Discriminative, ¢(y | ) D |8938
Generative, p(y | =) G | 924
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Table 3: Parsing results on CTB 5.1.

Model type | Fq

Zhu et al. (2013) D | 826
Wang et al. (2015) D 83.2
Huang and Harper (2009) | D | 84.2
Charniak (2000) G |8038
Bikel (2004) G | 806
Petrov and Klein (2007) G 83.3
Zhu et al. (2013) S |856
Wang and Xue (2014) S 86.3
Wang et al. (2015) S 86.6
Discriminative, ¢(y | «) D | 80.7
Generative, p(y | x) G |87
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Table 4: Language model perplexity results.

Model | test ppl (PTB) | test ppl (CTB)
IKN 5-gram 169.3 255.2
LSTM LM 113.4 207.3

RNNG 102.4 171.9
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